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Holographic portrait created by 3D Face Reconstruction
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ABSTRACT

A technique using the 3D Face Reconstruction (3D-FR) technology, based on three different convolutional neural

networks, is proposed to create 3D portrait CGHs from a simple face photo. Using a facial 3D model obtained by 3D-FR,

a full-color FPHD-CGH of the live face, i.e., a holographic portrait is fabricated using the RGB color filters, and its optical

reconstruction is demonstrated to verify the proposed technique.
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Fig. 1. The 3D Face Reconstruction using three
different convolutional neural networks.
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Fig. 2. Face photos and the generated 3D models.
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Table 1 Parameters of the created FPHD-CGH.

Number of pixels 131,072 x 262,144
Pixel pitches [um] 0.8 x0.4
Wavelength
635,517, 443
(R, G, B) [yum] ( )

Number of polygons 83,126
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Fig. 3. A face photo and the generated 3D model used
to create the holographic portrait.

Units:mm

Fig. 5. Closeup photographs of optical reconstruction of the created holographic portrait.



